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Acquisition of Multi Jointed Robotic Arm’s Task in Virtual Physics Environment

Toshiyasu HACHIYA, lkuo SUZUKI, Masahito YAMAMOTQ Masashi FURUKAWA, Hokkaido University

This study aims at an acquisition of behaviors of a multi-jointed arm under the virtual physics environment. The arm is
controlled by a neural network. For this purpose, weights of the neural network are optimized by genetic algorithm. We
give tasks to this arm, and simulate how to control this arm under the virtual physics environment. It is verified that the

arm obtains a proper behaviors through the simulation.
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Fig. 1 Multi Jointed Robotic Arm
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Fig. 2 Transition of the Evaluated Value
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Fig. 3 Outputs of the Neural Network
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Fig. 4 Simulation Result
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