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(##1)  http://www.tripadvisor.jp
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723000 RILHONZ bVIZ, mRMR 7V T X L%
fid 2 & TR S N7z 200 RICOFFHA 7 MV & v
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THRFHAN T MV B BRI S N HEHEE 182 Th o7z,
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Wz DUh S BRIRE N EIE, 141 Th - 72,
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Table 1 The number of Paris’s images included in
each category.

BT — ET G
Cultural 7,742
Museums 7,094

Performances 2,028

Landmarks 14,241
Amusement 630

Outdoors 10,835

Sports 4,060

Zoos & Aquariums 3,130

F2 Oy FroBXEgrSERINLT—5ty M
BULGET LB 7T LT =5y MICE
INBKY T ADEEE

Table 2 The number of London’s images included in

each category.

BOGA 7T — | Wik (B0
Sight 9,682
Museums 6,525
Theater 2,087
Nature 9,998
Shopping 3,287
Zoo 966

BONTZHEHERORE KD Ehol/NT 2 =%
CEE L. BRI, %) OBSEHE O F— 5 £y
FTI, FEEEOLEWET % 0.59, FHEEMO 7
T AENIED 720D L &\l hy % 001, K he %
1.0x 1070 &% L7z, B, SR ETHW A
BT MV 2 ERODBBBICDLELE DA IN= Y
Tk, W K € {5,10,15,20,25,50,100} &t
(E=7)®FK-NN 7T ZL2 X EH L7z 7
2L, INLOEERRVTZOMERTIE, DN T
A =& L FRRIC, RS RO E DR b
Wl b EHI, EBNICHE L. B, BEKE
U, BIGRRZzEERO R T, Kb SE/ROE
SHEDIERERI S o727 K =5 O FK-NN 7V I
JARZEB A N=2y TRV, F72, %P
HHIR L, SRR OB X WSS iz
Bt 2 7 ANZIEfRE 7 T AV EEFN TV L E GO E D>
72 K =100 ® FK-NN 7L T XA K B X 2 N—
T TR

Oy N oGO T — 52y bR AWERT
&, %87 2 =% % LFLCHB L7280 oDLEi% O
T—4 -ty b EFEBRICEREL, TOMIE, HBEEOL
EWET % 0.81, 75HEHO 7 7 AHHIMO 70D L
EWH by % 0.06, hoa & 1.0 x 1070 I3k L7z, %
72, BT MV 2 RO DBEICLEE B Db A L IN—
Ty 7L, XY EFCHAFICIESNTWS, B,
AT K =5, S8EMO 7 7 AHOHIHIC
1%, K =100 ® FK-NN 7L T1) ZLI12& % X 23—
Ty TRV, N EE—IChoTWA, HIZ, SVM
X DT BRSO — A VB ETH Y VT
YAH=FNE L, %87 A =% 1% grid search [21] 12
gL,

RERRTIX, £ 3ITRT 7HEOMETEE HWT
WETEOEMEEBGFET 5. BARWIZIE, B 112
L0, BRHOSETFLEEREBET S LT, RETFHED
HRMERTER T 5. F72, W2, 3, ROHE4
20, REFEPEHOFHEHEAWIIAVL 2 L
DAY ZTERT 5. W2, RETHEOE 1 BREK O
B2 ERICENENAILT A IR 5 O 6 12 &
D, MEFLECBVWTEEBOSTHELEATLI LD
ERMEEMEES A, 72, W TICX, RETED
2 BB H O EAT ) WIS, SRR 7 T A% B
T5IEOEMEEERT 5.

FEETIE, 8 7 7 AGHEAT) 20, METFENRD
B TFHETHY A SVM % one versus all #: [22] 12 &
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# 3 FEHRTHDIERTE

Table 3 Comparative methods used in the experiment.

TORCTE | B
g1 ICHE [10] TIZE STV 5% Adaptive Weighted Fusion Approach (AWFA) % H\»C, MR~ v, [#if§
TR PR TR F)v’«?:ﬁ':it‘é.*t GHEAT ) Tk

2 | MERFEANZ PVEHCT SVM 2K ) 53T ) Fik

R 3 | WG~ PV EHWT SVM | ; D EEAT) Tk

g | ¥ 7R FVEAVT SVM ICE )0 E1T) T

Wi s | BN 7 BV E vz FK-NN 7)1/:1 ) AXLIZEY SR AT Fik

Hie | REFULEOE 2 KOOSR RAREGFEC LD, WEEENZ Py, ¥ Z78EEAN7 PVRTZENLS it s L 72R R

7 P VAZ X BRI ARG T
R 7 | REFEOE 2 BROGEHARETEICBWT, 58BN 7 7 Z0HREITh 108217 ) ik
F 4 ) 0BT THERESNS 7=ty MBI ARETERVOLETED F #
Table 4 F-measure of the proposed method and the comparative methods in
Paris’ dataset.
Teig 1 | [elg 2 | Ik 3 | Bk 4 | LWk 5 | JLik 6 | LIk 7 | e BT

Cultural 0.241 | 0.092 | 0.336 | 0.736 | 0.801 | 0.751 | 0.798 0.798
Museums 0.240 | 0.000 | 0.328 | 0.626 | 0.925 | 0.898 | 0.922 0.928
Performances 0.111 | 0.000 | 0.230 | 0.672 | 0.931 | 0.903 | 0.933 0.943
Landmarks 0.365 | 0.128 | 0.476 | 0.612 | 0.874 | 0.844 | 0.873 0.878
Amusement 0.0438 | 0.024 | 0.046 | 0.204 | 0.972 | 0.956 | 0.969 0.981
Outdoors 0.305 | 0.000 | 0.344 | 0.622 | 0.796 | 0.772 | 0.800 0.805
Sports 0.655 | 0.026 | 0.642 | 0.972 | 0.980 | 0.976 | 0.985 0.987
Zoos & Aquariums | 0.136 | 0.114 | 0.188 | 0.488 | 0.964 | 0.946 | 0.966 0.974
F 0.262 | 0.048 | 0.324 | 0.617 | 0.905 | 0.881 | 0.906 0.912

#5 OYFrOBDEmGETHEENLTFT—5 £y M2

(G

Table 5 F-measure of the proposed method and the comparative methods in Lon-

don’s dataset.

BB RETHEROETHO F

U1 | dedc2 | ks | Modia | Jeos | bR e | bl 7 | RETE
Sights 0.389 | 0.420 | 0.614 | 0.539 | 0.916 | 0.894 [ 0.919 | 0.915
Museums | 0.313 | 0.491 | 0.440 | 0.533 | 0.948 | 0.932 | 0.947 | 0.954
Theater | 0.126 | 0.120 | 0.051 | 0.599 | 0.872 | 0.850 | 0.879 | 0.882
Nature | 0.404 | 0.155 | 0.525 | 0.579 | 0.926 | 0.904 | 0.926 | 0.934
Shopping | 0.170 [ 0.132 | 0.281 [ 0.500 | 0.931 | 0.909 | 0.928 | 0.947
Zoo 0.082 | 0.000 | 0.066 | 0.621 | 0.902 | 0.878 [ 0.905 | 0.916
T 0.247 | 0.220 | 0.329 | 0.562 | 0.916 | 0.894 [ 0.917 | 0.925

D% I AGFIHR L., B, RETEROLK [>Ty, 2.8 TR LZTHERROILTRHE O I

FHLEOFMO 72012, 5 5HIEME X ITV, FHliTE
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ZXY, REFHEOGRMEEHERT .
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BUERRDO FHEEHE AR5 IR, ThbD%E
B L), RETHEO FHEOFEHENETO K
FEE LA > TV I EDHRTEL, BB, N)OD
BIEEE 2 SR E N D 7=y MR LT, 7%
FHEICL Y KB 7 T —~GHEHE N GEoOR %
M 3IIRY. 4 RO 500, REFFEOSERKE X
81 Bk (i s) b5 2 By (Jbike) o F itz b
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Fig.3 Examples of images classified into each cate-
gory by the proposed method.
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FERSEPNEETH 72 EZbNA, 72, K2,
LB 3 O IE# 4 L o JBRIC L Y, BEEOSFR A %R
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AT 2 o FEICEH T2 &, JEE IRV iE
W7o TWAZ ENTHERTESL., SVM 1L, ~—V»
KA & o CREPIESEIR % SR B & & THEEEAT).
2T, M4pE LT, N ELOMEBER NS b
VEBEOZ AT EIZ7ay M L2KERYT. K4 9
SN RO EERZEH ETlE, BBV v v
AT DU PV L T b 2 &SRR T
5. L7ehoT, MEMFBENTIE, v—Y iRk
ALIC & o TRO 73T & V72 ERE 2 5038 2 4T
I ENWIEETH D720, K 2 DG FREAIER 12
BWEICR > TR EEZONL. HIZ, 5 RO
6 EDEDS, RETETIE, 1REHOMD
RREEEICE D BT L, SEHEITE - T/l
&, 2 BREH CEIREE A R R A HUS T 5 2 &
WHEEIZ > TWAB Z EDHERTE 5. Bk 7zk
BY, K4 »OMEFHERTE, BRe2073) —
BT BEEAHDEAE L TV D b DD, ZOiEEIC
FEC A7 T — OBUCHHE AT 5 2 & AHERR T
X5, Lo T, BEEmicBwT, TAMT—%
DA HFAET BT — 7 1D CHHEEIT ) T
#THAHFK-NN 7 IT) A 410%, EHHRZ Y

o BNV

s . M cuitural

04 . vl 4 | Il Museums
PN " Lol spors
; . ‘e I Landmarks
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Fig.4 Relationship between location feature vectors

and their true classes.

(a) 7NUANRTEOINBIZIRE LT (b) 73U RS BEONEREHRY Lz
LS (LTS

5 H2 BB Lo TIEREZR G E TR L72BDE
g : (a) LU (b) DED 7 T Al Performances
Ths.

Fig.5 Examples of tourism images that can be cor-
rectly classified by the introduction of the sec-
ond stage: True class of (a) and (b) is “Per-
formances”.
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Table 6 F-measure comparison of the decision level fusion in the second stage.

T — 7 RO ERE | T — 7 RO ETE
EEELCULRWET)L | R ZELIZETL (=1 6)
Cultural 0.752 0.751
Museums 0.902 0.898
Performances 0.888 0.903
Landmarks 0.840 0.844
Amusement 0.846 0.956
Outdoors 0.770 0.772
Sports 0.975 0.976
Zoos & Aquariums 0.941 0.946
¥y 0.864 0.881
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