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Abstract In recent years, a wide variety of IoT devices have been deployed, but their low computing power makes it difficult
to implement TCP congestion control, which requires advanced computation. One possible solution is to use high-performance
remote servers to perform congestion control calculations. However, longer communication latency between IoT devices and
remote servers might cause performance degradation, such as lower throughput, higher loss rates, and unfairness index. In this
research, we propose a method of performance improvement based on machine learning-based congestion control between [oT
devices and remote servers using a ultra-low latency communication service called L4S, standardized as RFC9330 in 2023.
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