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Abstract In recent years, research and development of systems for learning and execution of machine control, such as au-
tonomous vehicles and drones, has been gaining momentum. In machine control systems employing remote reinforcement
learning, data is frequently exchanged between physical devices and remote servers. Consequently, network quality has a signif-
icant impact on control performance and operational safety. Recently, L4S (Low Latency, Low Loss, and Scalable Throughput)
standardized in RFC 9330, has attracted considerable attention as a technology for reducing network latency. However, despite
its potential advantages, there have been very few studies investigating the application of L4S to remote reinforcement learning
environments. In our previous presentation, we described the construction of a remote reinforcement learning environment
over an L4S-enabled network. However, that presentation focused solely on the construction of the experimental environment
and did not include a performance evaluation. Therefore, this presentation reports the evaluation results obtained using the
constructed environment, with the impact of network latency on reinforcement learning performance.
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