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Algorithm Exp3
Parameter: γ (0,1]
Initialization: wi(1)←1 for i=1,2,…,K
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Algorithm BOLO ( )              // Bandit Online Linear Optimization
Input: η>0, θ-self-concordant R
Initialization:
for t=1 to T
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Algorithm FExp3
Parameter: γ (0,1]
Initialization: wi(1)←1 for i=1,2,…,K

for t=1 to T
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